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Wait... why do
CNNs keep slipping
LI on these silhouettes? A

Because gait is
sparse, binary, and
full of tiny motion

Most pixels are zero.
Only a few lit pixels

r.alrrj,ur the mutwn clues! @ |

o CAPTURES TINY (,,;r"—'—=" e e
LEBES©-06.@ (@ ’@“ - @ -® :‘f"f} |

4 )

+ Transformer [ That's our

iled it! ! special
% o - \ backbone!

mﬁmmm

(2
& MOTION r
mﬁéﬁﬁ%c CLUES 'lrg;

[LCAPTURED'
N ——p %
ﬂi A |

]" CXL0s
m 1 /r"}-rlil‘.;p




&

& ©

9%0.TheGaplinje; © ¢ %5
PrioriTransformer,Gaitse;.

| f
i & i
1; o

: _
—.‘TI._ L

¥ |

N J - @ H - ~ I
L, Half a solution is still wobbly ¢
Patch Tokens ¢

N Deoe
ﬂ » 000 -

SwinGait helped, but leaned

GaitViT used a vanilla
on shallow CNNs and bridges.

ViT on GEL... but temporal
modeling was weak.
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The fix? An end-to-end T
seal the gap in temporal

% B | modeling—no more wobbles! \ '
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Transformer backbone that j
unites all frames! A End-to-End Transformer
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Hybrid positional
encoding: absolute +
relative + rotary.
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MHelps Under Data Scarcity

Built for small, noisy gait datasets < g

Today I'll show But we barely have

how our Gait
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NOISY! BLURRY! UNDERWATER!
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[ SPATIAL TOKENS |

(Per frame)

Transformer

- Backbone @l
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It achieves
state-of-the-art
on Gait3D, GREW,
and CCGR-MINI.
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How you move

(at each moment) 8

A8 TEMPORAL TOKENS

(Over time)

TEMPORAL: |

1 How you evolve
over time
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Let’s build
the ultimate
gait model!

GaT jointly captures
spatial and temporal
variation. -

You thought
itd be that




